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O ( Create a popular science workflow. The

o / / Z 7 )
‘ user will provide a question or topic needing|
| explanation (variable ‘requirement’) as

| input. The task is to provide a

primer on 777777, )
“ related terminology and vividly explain the ‘ ‘ | o |
| origin, essence, and development of the | Dﬁy Q \

knowledge point. The workflow needs to ‘ | |
r generate explanatory fext in Markdown < - 7

format (variable ‘text') and an exquisite J

\\illus'rr‘aﬂon (variable 'picture’).

requirement, generate:
1) A rich Markdown explanation ("text")

g 7 N o~~~
’ﬂnode_selechom @ YML ¢
| Start,LLM, Text to Image, End

</node_selection>
2) A high-quality illustrative image ;
("picture”).

<design_principle>
Design: ..... ‘ m

Goal: Given a user's popular science
</design_principle>
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f Round 1
Create a 'Finish a Book in Three Minutes' workflow.
Users will provide the book title (variable 'book') and
author hame (variable ‘author') as input. The task is
to generate a three-minute speed-read version of
the book's content based on the input. The workflow

___inferactive dialogue
7 Gl

777 &

N
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7772y &
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<node_selection>
Start, LLM, Text to Image, End A
</node_selection> |_Response |
<design_principle>

Build on the existing workflow by:

1) Keeping the Start inputs (book, author).

2) Using the LLM to produce a clean, highly visual
illustration prompt derived from the generated protagonist
biography (style, setting, character details, mood,
composition), plus a short negative prompt.

3) Feeding that prompt into Text to Image to generate the
illustration.

4) Outputting only the generated image file(s) as

ﬁ: s :‘j
pass check |

7

| Converter

*illustration’ .

'needs to output this summary (variable 'resylf‘L@
</design_principle>

Round 2
Building on the existing foundation, generate a
character biography for the book's protagonist and
convert it info a DOCX file. The workflow only needs
to output the final file (variable 'biography").

<workflows>{
"nodes_info": [

g g

Round 3 1

enerate an illustration that aligns with the character
and plot settings based on the character biography. |
The workflow only needs to output the illustration

@ble ‘illustration").

"param": {

)

</workflow>

2 "type: "start",

"variables": [["book", "string"], ["author", "string"1]

i
"edges": [["1",0,"2"]. ["2",0,"5"], ["B", O, 311}
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Algorithm 1: Pass Rate Pipeline

Data: Model response R, Reference variables

Vres, Key nodes Niey

Notation: Selected nodes V, Planning
rationale p, JSON file », YAML file Fyqmi,
Workflow G

// Step 1: Format Check

V,p,r < PARSE(R);

if R lacks required tags or JSON r not
parsable then

L return False;

// Step 2: Conversion & Import
Fyami < JsONTOYAML(r);
if conversion fails then

L return False;
G < IMPORT(Fyam1);
// Step 3: Variable Consistency
if EXTRACTVARS(1) # Vyey then
t return False;
// Step 4: Logical Validity
if foom (f/,p, ) indicates inconsistency then
return False;
if fLoar(Niey, V) indicates Niey € V then

return False;

return True;
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Algorithm 2: Resolve Rate Pipeline

Data: Workflow G, instructions Z,Test case

T = {input, ref_output}
Notation: Execution output O
// Step 1: Execution Check
O + EXECUTE(G, T .input);
if execution fails with errors or O = () then
L return False;

// Step 2:

Ovite; Otext < SPLITOUTPUT(O);

if Ogite # 0 and file types/extensions
mismatch then

Output Validation

L return False;
if Otezt = @ then
L return True;

if from(Z, Otext, T .input, T .ref _output)
confirms all requirements met then

L return True;

return False;
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Nsuccess case
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‘ Research ‘ Document ‘ Enterprise ‘ Developer ‘ Education ‘ AIGC ‘ Average
Model

‘ %Pas.  %Res. ‘ %Pas.  %Res. | %Pas. %Res. | %Pas. %Res. | %Pas. %Res. ‘ %Pas.  %Res. ‘ %Pas.  %Res.

Closed-Sourced
GPT-5.1 48.89 4519 | 53.33 4222 | 50.00 33.33 | 20.83 12.50 | 36.36 27.27 | 57.41 55.56 | 47.26  39.38
GPT-5.2 68.89  60.74 | 66.67 55.55 | 86.11 58.33 | 70.83 45.83 | 75.76 62.63 | 48.15 45.68 | 67.51 54.71
Claude-Sonnet-4.5 68.89  62.97 | 75.56 64.44 | 61.11 33.33 | 75.00 33.33 | 90.91 76.77 | 62.97 49.38 | 71.31  54.57
Gemini-3-Pro-Preview T7.78 7T7.78 | 82.22 77.04 | 86.11 75.93 | 70.83 52.78 | 90.91 72.73 | 74.08 66.67 | 80.17 71.59
Open-Sourced

Qwen-3-8B 40.00 2148 | 8.89 4.45 8.33 0.00 12.5 2.78 3.03 0.00 7.41 7.41 13.92  6.89
Qwen-3-14B 26.67 21.48 | 33.33 17.78 | 13.89 0.00 20.83  12.50 | 27.27 5.05 35.18 2531 | 27.43 15.19
Qwen-3-32B 31.11  26.67 | 28.89 14.07 | 30.56 8.33 | 50.00 27.78 | 33.33 28.28 | 48.15 33.34 | 36.71 23.35
Qwen-3-235B-A22B 35.55 3259 | 51.11  38.52 | 19.45 2.78 | 62.50 29.17 | 39.39 32.32 | 42,59 27.78 | 40.93 27.71
Qwen-3-Coder-480B-A35B-Instruct | 53.33 39.26 | 57.78 40.00 | 25.00 1.85 25.00 0.00 45.45 26.26 | 37.03 32.71 | 42.19 26.44
GLM-4.6 62.22  60.00 | 60.00 45.93 | 63.89 24.07 | 45.83 6.94 72.73  29.29 | 64.82 56.79 | 62.45 41.49
GLM-4.7 80.00 60.00 | 62.22 54.81 | 72.22 47.22 | 41.67 29.17 | 78.79 65.66 | 70.37 65.43 | 69.20 55.98
Deepseek-V3.1 51.11 51.11 | 51.11 36.29 | 61.11 26.85 | 20.83 4.17 | 45.45 39.39 | 62.96 55.56 | 51.48 39.24
Deepseek-V3.2 51.11 43.70 | 46.67 36.30 | 27.78 4.63 16.67  4.17 | 4242 2929 | 57.41 53.09 | 43.46 32.49
Kimi-K2-Instruct 51.11  48.89 | 37.78 33.33 | 11.11 8.33 29.17 9.72 21.21 15.15 | 51.85 48.76 | 36.29  31.08
Kimi-K2-Thinking 55.56 50.37 | 66.67 52.59 | 52.78 25.93 | 62.50 33.33 | 27.27 19.19 | 72.22 61.11 | 57.81 43.46
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</node_selection>
<design_principle>

</node_selection>
<design_principle>

</design_principle>

A4 @
Agent: Agent:
<node_selection> <node_selection>
Start, Parameter Extractor, ... , End Start, Parameter Extractor, ... , End

</design_principle>

<workflow> <workflow> comprehensive tutorial generation
{ approach ...
“nodes_info”: [{ </workflow> </design_principle>
“id”: “5”, <workflow>
“type”: ”iteration”, Case Input: | want to learn how to edit
“param”: {...} videos on my phone. | have a lot of travel “nodes_info”:[{
L. footage that | want to turn into Vlogs ... “id”: “4”,
1, “type”: “code”,
“edges™: [[“17,0,72"], [“2”,0,”3"], [“3",0,” Case Output: # Full Tutorial “param”: {...}
47, [“4”,0,”5"], [“5”,0,”5-1"], [“5-1",0,” ## Learning Brief 15 e
5-271,...,[“77,0,78"1] 1
## Chapter 1
</workflow> Y lshed: Ve ;/workfl:)_wh> an
Accomplished: No ccomplished: Yes ccomplished: No
\ Q) AN Q)

Agent:

<node_selection>

Start, Parameter Extractor, LLM,
Iteration, LLM, Template, End
<node_selection>
<design_principle>

The enhanced workflow follows a

K 5: StudyPlanner {£:45 )55 R G/ Hr . FATA T = A CR R R H - Kimi-K2-Tnstruct 7E5 A
SRR A T TR AR GPT-5.2 Al T IERR HLoAT $hAT R TAEG: GLM-4.6 %t 45 s s WA EAE 2

BA—E BT AR O A R A

br LA
3.5 JETHIAIREN Agentic JEHfE

Model ‘ Pass Rate ‘ Resolve Rate
Zero- Agentic Zero- Agentic
Shot Shot

GPT-5.1 47.26 64.14 39.38 44.31

GPT-5.2 67.51 78.06 54.71 60.05

% 2 GPT-{5.1, 5.2} ¥£ zero-shot ST H K
Agentic 1i§ 357 FHYPEREXTLE -

YA 3.4 1 M JE S E A R
LT, FRATHR T —Fh AT R R KB Y
Agentic FETTIR, AR KAZAAE 125 e I
i A PERE ERR . %5 ¥kd OpenCode HESR
S, MIEIRE) zero-shot $27R 4 1 I 51| 4%
F 4Ly SKILL-based J53X, BIH#E & TS5 K
SRR, PARZ R H AN E G IR

R G JE A R P T SO ]
A, FAEEHASE R TARRE AR R AR
RS, FRhE B 3C BREERE, &
It T — AT ER, A8 R E L

i, HEFLAAT S5 518 SCIRIE . — HRIK,
HEZRE i A R B BB A, A IE DY Ff
B ILI AR R AR A AR U . JSON fi#
MR M, FhFDHET i3 R DA S 45 m e AR — 3L
MFE20TR, B REAMERH R T B E i,
GPT-5.1 fl GPT-5.2 [ R4y FIHE T T 48
SHE 4.93% 1 5.34%.

4 AR
4.1 BT RBYE SR A RE I
RIFEFHAL (LLM) B4R HES) T
HEHANLERE (AGI) mklE, HAKIEFH
Ay N L RER RE M S2 AL 1 RE ) LAl
T BT ROE S AL B AR IR BEAS 724 KR
T AR R AR ST B RE ), e ] T
H. (Schick et al., 2023; Patil et al., 2024) , #}pE
HEZZ (Hong et al., 2024; Qian et al., 2023) Fl
J iz APT 37 (Qin et al., 2024; Tang et al.,
2023; Zhang et al., 2024a; Yang et al., 2024)
WIHTBN T, B Iz N TS ) St A
FA. P2 ETHRIITE (Wei et al., 2022;



Yao et al., 2022; Zhu et al., 2026) g Uk X 2
THEREA R AT, XSO BRI YA HESE 32
B B i R, TS5 SR A A v )
R S (R R R 1) 6Tk
B, FEAMTRE TR AT, dxERASEEL
5 QUSSR S I (Ge et al., 2024; Xie
et al., 2024; Liu et al., 2024; Yang et al., 2026;
Liang et al., 2026).

4.2 TR SRR AR

VERHPERAS, AR T —Fh AL
%5 Bhn 5 BAR AT IR R . —J5TH, @
TR 55 40 R R T AT AT R R T AR R,
HETESALHZ % R (van der Aalst, 1997;
Dijkman et al., 2008) ¥ HZHH SpA T4, L
VER S T AR e B, ARERTHT
SRR R S AT SR s —TJ7H, SIASE
B H ARG AT RERS B BB 1AL (van der
Aalst et al., 2003; Commoner et al., 1971) FI#/L
N ke B sl (Ivandié et al., 2019; Hofmann
et al., 2020) H L AT 55 10 & 4 . HAARY TAE
THH T 400 T2t DARE S X0 ). 4%
iy, T TRy TARRAER B . B, 72
WFFEC 1) A R A A S I AR B 3
A (Shen et al., 2023a; Zeng et al., 2023),
WHEEACE R (Zhang et al., 2024b; Li et al.,
2024) FNHITHIERAHLRIFESL (Ye et al., 2023;
Zhu et al., 2024; Wornow et al., 2024; Huang
et al., 2024). TEZH K TAEFEILMR C,

5 &5k

FATHR—H T Chat2Workflow, iX4&—14~
TP RALBU B SR1E 2R AT B8 AT AL T
VEMRE IR EME . SEin kI, RIREAES | AT AE
EHEZLS, MPAB A GE A AR AT R AR
M55 . FA 1452 Chat2Workflow f8-4 H 3
A TAEG TR AR TR it — D S i
FEMEEER, HA BT 4/ NME SR AR5
P TAEG BT 5 TS 2 M 2=

Ja KR

RUEH T ok, Chat2Workflow 75/F4E
LR B, BEAAERENBIRE LT
NLHHIE, A2 A7 AU ] B JovA TR aE 52 2= Tl
55 AR o R 2 AR 245 . W, AT
AL 145 B 1 MRS PRI T $h AT, X AT fE
Teik e 4 R L SR B8 vh BT R Y S 4 S8
BCE . 5, MulRGEMNAE 20 Fhsiss S
R, XLE G ROk RN EAN RS A
WS RZHARME TR 5 R, JFa R
BEMAM TEAREA.
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FTE R IKE. IR gt nodes "PAEATES I FEATE node_selection e, 37 HIR
W false, ANFEHITH PR

FR 20—t SR I45 S TR

R UEDA S BT A 454 -

a. WHEE: S50 PE. Bt WA TAEROATE R LR TR
T BRI T B .

b, HPIGERETE G Z93) © M TAEG JSON 2 B by 45 i d. Hhah mide
WY node_selection HUREHIMYL, SMSE AL, 45 A XA HFHMEIA, THHE
H PR, BRI E: £ node_selection WA HIM4E SIS IIE TAER . 78
node_selection HRFHHRYZE Gl B TAR

**Note: 1. The type of the "Template” node is "template-transform”. 2. KR4 K/NE
71

# Final Decision Logic
SR 1 AL 2 3558 4o e R B FLE AT — SRR 2, R R, Af it
R CHAIERR” MISER.

# Output Format

v

<reason>

[FREVE AR, 350 IR L6 R0 D0 15281 3k e i i |
< /reason>

<result>

X 4]

< /result>

Bl 6: Al R A PR .




IR —% TARRPAT R L 5P R RIS A FTER, P2 TAERA AT
GUR R R ARG ZER

# Inputs You Will Be Given
RRFAT AR PO~ AR 2 -
L & T RIEEUE s AR R P R 45 2513
- BRI WETE—%, HARREM. BuE e TR .
- BORTHE AR LRI PPAE R I K
- 2 WA )G I HRORE SCPR A A ARG R . SO E B PRA
2. B HEHRK TARRAT P R AR SCHa A &
- This field may be empty.
3. it METRR K TARRRAT BT AR B AR SO A
4. reference answer: T FERTMERHSEEE,
- It may contain minor omissions.
- HAg T REAR S8 A & e i th A =X
- However, its content is considered correct.

- This field may be empty.

# Evaluation Instructions

WA LAERPI TR B YRR IE 2 rZK, BIEAT B0«

L. $54X5%

- U T e 2 I e & B PR A i 7 oK

- DY SERTTE IR A A A E S, A TFUEE.

2. {58 AH

- IR RTRER (). WA, Wil . B8R Ak

- MIATIS B ZERTRE NS LI DL AR B R

3. i IE R AR

- WORAEAE R, IR N A AR AT & A R HE DK, (A FE S SO 5
IEK .

- QSRAEAE reference_answer, RFHMEEXS%, AR &I

4. REPRERR B AT B

- R R SRR, WERBCARE R, (H5 SCHAH R ER R4

- Q2R reference_answer JRyZ3, WA HE A5 EAIE HE — 2k

5. I AARYHN

- QR TAER AT A L T S AT I8 M B R ZDR (5 SCHAH R ZERBRAM)
M3z =] true,

- Otherwise, return false.

**Note: This rule takes precedence over all the above The file variable part in the
instruction requirements, whether as input or output, including images, documents, and
audio will not be provided in this evaluation. So it cannot be used as the basis for a
judgment of ’False’!!! For example, if the instruction or query requires the output of
a PDF document but the output does not include the document, this point should be

ignored at this time to check whether other aspects meet the requirements. **

# Output Format

I

<reason>

[FREVEAG MR, 150 I IR LE R D152 35 e i |
< /reason>

<result>

[ B 4]
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