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Method ‘ Information Extraction ‘ Management Operations ‘ Storage Structure | Retrieval Mechanism
A-MEM [93] Direct archive, Summarization-based extract | Connect, Update Flat, Vector Vector-Based

MemoryBank [103] | Direct archive Integrate, Update, Filter Flat, Vector Vector-Based

MemGPT [66] Direct archive Integrate, Transform, Update Hierarchical, Vector | Lexical-Based, Vector-Based
MemoO [11] Direct archive, Summarization-based extract | Integrate, Update, Filter Flat, Vector Vector-Based

Mem09 [11] Graph-based extract Connect, Update, Filter Flat, Graph Vector-Based, Structure-Based
MemoChat [56] Direct archive Integrate Flat LLM-Assisted

Zep [72] Direct archive, Graph-based extract Connect, Transform, Update Hierarchical, Graph | Lexical-Based, Vector-Based, Structure-Based
MemTree [73] Direct archive Connect, Integrate, Update Flat, Tree Vector-Based

Memory0S [32] Direct archive Connect, Integrate, Transform, Update, Filter | Hierarchical, Vector | Lexical-Based, Vector-Based
MemOS [44] Direct archive, Summarization-based extract | Connect, Integrate, Update Hierarchical, Tree Lexical-Based, Vector-Based
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Method ‘ Connecting ‘ Integrating ‘ Transforming ‘ Updating ‘ Filtering
A-MEM Associative Links N/A N/A LLM-based N/A
MemoryBank N/A Summarization N/A Rule-based | Usage-based
MemGPT N/A Summarization Stage-wise Transfer | Agent-based N/A
MemO N/A Summarization N/A Agent-based | Content-based
Mem09 Structural Edges N/A N/A LLM-based | Content-based
MemoChat N/A Abstraction N/A N/A N/A

Zep Structural Edges N/A Community Formation | LLM-based N/A
MemTree Structural Edges Summarization N/A LLM-based N/A
MemoryQS Associative Links | Abstraction + Summarization | Stage-wise Transfer Rule-based | Usage-based
Mem0S Structural Edges | Abstraction + Summarization N/A Agent-based N/A
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Information Extraction

X Multi-Session Temporal Knowledge Updates Overall

Method user assistant preference

F1 BLEU-1 F1 BLEU-1 F1 BLEU-1 F1 BLEU-1 F1 BLEU-1 F1 BLEU-1 F1 BLEU-1

Qwen2.5-7B-Instruct
A-MEM 46.75 41.26 | 43.21 36.74 9.76 0.52 | 16.61 1432 | 19.37 15.54 | 25.59 21.63 | 25.53 21.24
MemoryBank | 46.28 42.19 | 49.31 43.08 | 13.96 3.79 | 1941 16.42 | 17.80 13.15 | 31.51 27.31 | 27.65 23.03
MemGPT 52.82 47.54 | 52.26 4456 | 13.61 2.90 | 18.61 16.71 | 21.65 14.81 | 28.09 24.85 | 29.16 24.08
MemO 56.51 51.23 | 32.35 2599 | 11.44 0.69 | 23.02 20.72 | 28.86 21.19 | 41.28 36.37 | 32.46 26.95
Mem0Y 53.21 4739 | 18.18 13.82 | 10.23 0.79 | 24.42 22.04 | 29.16 21.60 | 40.43 35.51 | 30.66 25.38
MemoChat 6.44 3.24 | 16.95 12.74 7.18 0.12 | 12.27 10.09 | 17.49 11.35 6.51 4.28 | 12.16 8.26
Zep — — — — — — — — — - - - — -
MemTree 68.48 61.85 | 57.79 46.73 9.50 1.00 | 21.96 19.88 | 29.97 21.77 | 4149 38.56 | 36.92 31.05
Memory0S 56.85 53.49 | 61.32 52.71 | 1240 1.18 | 19.35 17.80 | 26.34 21.61 | 30.62 27.97 | 32.50 28.31
Mem0OS 65.48 56.02 | 49.40 4244 | 12.17 0.77 | 22.81 19.72 | 21.34 15.65 | 33.99 27.75 | 32.48 26.38
Qwen2.5-72B-Instruct

A-MEM 54.43 46.92 | 49.05 3991 | 10.38 0.55 | 19.07 17.04 | 22.93 19.40 | 39.19 28.84 | 31.32 25.79
MemoryBank | 52.96 48.64 | 57.41 51.63 | 12.53 4.91 | 28.21 2497 | 25.32 21.73 | 36.02 29.34 | 35.79 30.70
MemGPT 54.81 49.39 | 63.23 47.84 4.78 0.03 | 19.29 16.04 | 24.48 18.47 | 29.21 23.16 | 32.63 25.82
MemO 67.48 60.81 | 47.38 39.08 | 11.89 0.71 | 28.13 26.41 | 30.85 24.34 | 43.35 40.14 | 37.85 32.62
Mem0OY 62.63 54.37 | 40.21 35.82 | 10.75 0.53 | 31.47 27.00 | 33.39 28.97 | 47.15 43.23 | 38.47 33.25
MemoChat 18.98 15.29 | 26.38 20.21 7.80 0.09 | 20.46 18.39 | 27.33 19.24 | 21.33 17.70 | 22.09 17.18
Zep - — - — - — — — - — — - — —
MemTree 66.21 58.77 | 68.09 58.35 | 11.09 0.17 | 37.02 33.74 | 34.65 24.30 | 48.90 43.63 | 44.25 37.02
Memory0S 73.00 68.23 | 75.10 64.12 | 12.43 1.20 | 36.56 32.67 | 32.31 23.63 | 53.46 48.96 | 46.04 39.42
MemOS 69.06 62.64 | 53.88 44.09 | 12.37 0.70 | 29.17 25.24 | 30.47 19.51 | 48.51 40.85 | 39.88 32.02
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BE AT IR, SRR BB RIS AR
HEIR B PR — 2

> SEBL. FRATFEFTHR G —HEZL R ] Python 5I
BT A, BERIE T IR ARV SCRI A AR i A 52
H—8E . Frf L5 7E 8 Yt NVIDIA A100 (80
GB) GPU Lilff7. REVETCEAEM RN TER, K
NPRAAEFAG R g AR T =7, Ah, BT FL AN
BLEU-1 $8453 X 25 22 1) UK A AR 3 SRk, FRATTRErd A
MR T8RS Zad fRr B AR
PEWLP S A

P ASEE . BRIAES AU, TATERIAM B Qwen2.5-
7B-Instruct /£ LLM 481 B HAEHA 108 fE 14
TCAZIFSE 82 R oK BT SCK A 20,000
token, FRATTR I ST AR PR A e 1 . X T
JIT A ¥ I top-k KR IM 7, IAGSEHI TAE [32, 73,
93], FRATRF k = 10 BEENFFE L FSCKERR. &
IR A all-MiniLM-Lé-v2 iX—HA R FEHR 2 W H
F A AR g AR B AR I T VA TR B S — i AR

HoR A 7 iR E 1 2 B B 0R HA% H e SO
o AR R P R AR T

8.2 FAL
» B LOBRPERE. FRATE SIS T A B RR AL
T YEAEWIAFE ML BT AR B EASE (Qwen2.5-
7B-Instruct 11 Qwen2.5-72B-Instruct ) {4 1 fEFE H . LONG-
MEMEVAL 1 LOCOMO |45 55 4Nk 3 fsk 4 i
TNe FETIXSEZERL . FRAGH AR RER

(1) FT WSR2 T v (FA0 MemTree Fl MemOS)
WEEEAEZ . ZRENTALHC, SIS
HIERE. BRI, MemTree £ 7B A T T LONG-
MEMEVAL FHUS T H S F1 184 36.92, T Mem0S
1E 7B 1 72B LB 4351 F LOCOMO _FEUAS T e
[ F1 1543 37.05 Fl 42.79. WE5H7E L2 bR Z R T
MRAEHEEL, [RImAE M5 AL CR FE AR BE A . Ak
DT ZIRACZEAS , [AAERT DASE B — L3, %38
TRt TR RIS 2 0 ) = a5 B sh 5284, 1E
4N Memory0S Fl Zep J @B AR SE 5 Ty 4521

PR
(2) RIS AR S8 BT T S B R C A5 AT
BREE—RRIE , e S PEI BeOr B AR




# 4: LOCOMO L1y J5ikibess.

Method Single-Hop Multi-Hop Temporal Open-Domain Overall
F1 [ BLEU-1 | F1 | BLEU-1 |  F1 | BLEU-1 |  F1 | BLEU-1 |  F1 | BLEU-1
Qwen2.5-7B-Instruct
A-MEM 33.11 27.59 | 25.38 18.36 | 14.69 12.19 | 14.69 12.55 | 26.71 21.75
MemoryBank | 15.34 11.92 | 16.63 12.41 | 11.57 9.49 | 16.09 11.16 | 14.84 11.46
MemGPT 21.31 16.57 | 18.92 13.64 | 17.37 13.61 | 11.14 8.06 | 19.42 15.51
MemO 25.92 2147 | 1943 14.76 | 37.49 31.26 | 16.93 10.58 | 26.58 21.60
Mem0Y 27.90 23.45 | 21.14 13.98 | 35.70 30.54 | 18.67 13.44 | 27.71 22.57
MemoChat 7.21 5.84 9.74 6.59 5.33 4.26 | 14.31 10.81 7.72 5.96
Zep 40.42 34.59 | 30.97 20.31 | 22.64 17.82 | 21.79 17.57 | 33.82 27.42
MemTree 33.36 2791 | 26.40 17.59 | 25.62 21.45 | 20.67 16.23 | 29.68 23.95
Memory0S 33.14 2833 | 28.52 19.90 | 17.65 14.09 | 22.05 16.95 | 28.34 23.11
Mem0S 39.55 33.58 | 34.04 23.38 | 37.55 31.90 | 22.55 16.51 | 37.05 30.30
Qwen2.5-72B-Instruct
A-MEM 42.24 38.68 | 27.87 21.97 | 28.01 22.64 | 23.27 18.55 | 30.35 25.46
MemoryBank | 24.54 20.26 | 23.28 18.62 | 13.21 10.18 | 19.12 14.35 | 21.61 17.50
MemGPT 28.78 21.15 | 24.21 19.11 | 20.28 16.37 | 16.42 13.42 | 25.40 20.30
MemO 32.83 27.89 | 25.35 21.14 | 40.76 36.03 | 21.04 14.09 | 32.38 27.51
Mem0Q9 29.58 25.19 | 30.22 24.67 | 43.89 38.44 | 20.37 12.81 | 32.07 27.06
MemoChat 12.79 10.02 | 13.16 9.19 | 16.64 13.91 | 1543 11.65 | 13.83 10.78
Zep 42.46 35.99 | 33.11 23.39 | 34.58 27.89 | 15.87 11.47 | 37.45 30.46
MemTree 38.73 32.42 | 33.01 25.07 | 29.81 24.48 | 23.02 17.46 | 34.85 28.49
Memory0S 43.56 37.00 | 36.32 27.91 | 37.36 29.58 | 22.57 18.22 | 39.63 32.62
Mem0S 44.30 36.85 | 36.67 26.95 | 49.59 43.13 | 24.88 17.87 | 42.79 35.16
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X AR HERE R 4 U B, M FFR
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KF; Q) FANVEE TR ELEICICRAR BRI T
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1) token 184 . MHILZ R, Memory0S R+ T R 471
VA, FESEELER N MERERY AT, token RUAS PRI
1% MemoChat F/I MemoryBank x2S 5 {&j B [K) )y V£ B AR
KRR EEHIE D T token ffi f &, (HARBELE LB
e . (HAE RN E, /48 MemGPT Al MemOS #f357
FIBMERG NS K, IR E TR B S B LI A
H g W P Ea/E, {2 Mem0S 8 £ token 43 firl
B IRMPR RS, MITAETERE EAE T MemGPT.

(2) 15 B ALERRL BEXT token BUASA i 255500 . FE
{5 BARBU B, X — AL e 15 B M AR i vl
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AL T — K TR

3) BiE WAAEEREK, LT VETE T token
TR T bR 22, X T MemTree, FfifgXiifh
Drsng 2R, BB EERG N, SEUAR A B A
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WA PRI S . B, Zep 1Y EISE AR TS
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#¢ 5: LONGMEMEVAL (F1144) LAURMECACHLE]
AR BB IRTAE 55 v 1R Ao LR 53 B

Method Position user assistant preference
Early 53.95 19.62 9.93
Mem0? Middle 48.88 17.02 10.52
Late 63.48 17.91 11.01
Improvement  +9.53 -1.71 +1.08
Early 52.85 49.26 9.31
MemTree Middle 60.03 60.82 10.58
Late 63.59 58.18 9.72
Improvement +10.74 +8.92 +0.41
Early 60.65 43.00 11.20
Mem0S Middle 64.24 49.26 11.97
Late 69.88 51.30 11.86
Improvement  +9.23 +8.30 +0.66
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4 6: {£ LOCOMO EXf AR BRI iR LR 4% -

’ _______________ ‘

I
‘ Metric ‘ Zep ‘ MemTree ‘ Memory0S ‘ Mem0S ‘ Uursi
1

11 1
. @ Segment |
sl [—_:-I}L@ @g 9 i
1
F1 33.82 29.68 2834 | 370538030 O |G o v inset O O summary !
Qwen2.5-7B | = . 1 @ . —> |
BLEU-1 | 27.42 23.95 23.11| 3030|3173} (| & :
11 1
Owenz.5.728 | F1 3745 | 3485 39.63 | 42.79 | 43.87) & N Shgs B B [ & segment
: BLEU-1 | 30.46 28.49 32.62 | 35.16 | 37.3¢ '-___ﬁ___, ______________ @6 _______ ;
F1 - 23.49 3221 | 33393521 @E= !
~ I I s
LLaMASI8B | prput | —| 1819 25.56 | 26.24 | 28.4¢ 1 =@ | [ Long-term ]
LNew messages ! oo
CPTdo-mini | F1 42.88 32.32 4257 | 45.56 | 4526° """ """-- o ]
BLEU-1 | 36.09 25.89 34.75 | 38.06 | 38.52 P 11: AT L eSS

" Results for Z LLaMA3.1-8B ked as “—” due to strict JSO L g S T T 4
esults for Zep on LLa are marked as ue to strict J %Hﬂ 5.17%. TjELOCOMO_I:, &1!]&@75%@#@1%T

formatting failures, as noted in its official documentation’.
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¢ 7: 14ifl] Qwen2.5-7B-Instruct (F1 £14)) f LONGMEMEVAL |- %F3& AT 10 de il g5 it Lk .

Category | A-MEM | MemoryBank | MemGPT | MemO | Mem0Y | MemTree | MemoryOS | MemOS | Ours
Information Extraction-user 46.75 46.28 52.82 | 56.51 53.21 68.48 56.85 65.48 | 67.38
Information Extraction-assistant 43.21 49.31 52.26 | 32.35 18.18 57.79 61.32 49.40 | 69.34
Information Extraction-preference 9.76 13.96 13.61 | 11.44 10.23 9.50 12.40 12.17 | 14.58
Multi-Session Reasoning 16.61 19.41 18.61 | 23.02 | 24.42 21.96 1935 | 22.81 | 23.14
Knowledge Update 19.37 17.80 21.65 | 28.86 | 29.16 29.97 26.34 | 2134 | 29.22
Temporal Reasoning 25.59 31.51 28.09 | 41.28 | 40.43 41.49 30.62 | 33.99 | 43.53
Overall | 2553 | 27.65 | 29.16 | 3246 | 30.66 |  36.92 | 3250 | 3248 | 38.79

7 8: JT Qwen2.5-7B/72B-Instruct (F1£44y) f£ LOCOMO - &}#ivseil Ji it b .

Category ‘ Size ‘ A-MEM ‘ MemoryBank ‘ MemGPT ‘ MemO ‘ Mem0? ‘ Zep ‘ MemTree ‘ Memory0S ‘ MemOS | Ours
Sinele-Hop Retrieval 7B 33.11 15.34 2131 | 2592 | 27.90 | 40.42 33.36 33.14 | 39.55 | 45.11
& P 72B 42.24 24.54 28.78 | 32.83 | 29.58 | 42.46 38.73 43.56 | 44.30 | 48.01
Multi-Hop Retrieval 7B 25.38 16.63 18.92 | 19.43 21.14 | 30.97 26.40 28.52 | 34.04 | 30.01
P 72B 27.87 23.28 24.21 | 25.35 30.22 | 33.11 33.01 36.32 | 36.67 | 38.08
Temporal Reasonin 7B 14.69 11.57 17.37 | 37.49 35.70 | 22.64 25.62 17.65 | 37.55 | 32.23
P & 72B 28.01 13.21 20.28 | 40.76 43.89 | 34.58 29.81 37.36 | 49.59 | 43.97
Open-Domain Knowledge 7B 14.69 16.09 11.14 | 16.93 18.67 | 21.79 20.67 22.05 | 22.55 | 18.92
P & 72B 23.27 19.12 16.42 | 21.04 20.37 | 15.87 23.02 22.57 | 24.88 | 24.27
Overall 7B 26.71 14.84 19.42 | 26.58 27.71 | 33.82 29.68 28.34 | 37.05 | 38.03
72B 30.35 21.61 2540 | 32.38 | 32.07 | 37.45 34.85 39.63 | 42.79 | 43.87
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Prompt for Graph-based Extraction. Prompt for Answer Simplification.
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Algorithm 1: Our Newly Designed Method
input : Current query g, Short-term memory Mg,
Mid-term memory M, Long-term memory
tree My, short-term capacity threshold 7, heat
threshold 6, beam width k
output: Updated memories (M5, M}, M} ), Response
r
// (1) Information Retrieval
1 Cs — Ms;

memory

// retrieve entire short-term

Cwum_siar < VectorSearch(M,.high-level-nodes, q);

CM_beam < BeamSearch(My,.tree, g, k);

C, « VectorSearch(My, q);

C «— Cs UCum fiar U Cpm beam U CL ;
retrieved context

g W N

// aggregate

// (2) Response Generation
6 r « LLM_Generate(q,C);
// (3) Memory Ingestion
7 MY < Enqueue(Ms, q,7) ; // ingest new
messages via short-term FIFO queue
if IM5| > 7 then
9 Moia < DequeueOldestHalf (MY);
10 Shew —
SegmentBySemanticSimilarity (M) ;
// partition into segments
11 M, < UpdateMemoryTree(Mas, Snew) ;
// leaf: segment, parents: aggregated
summary

=

12 else

13 L My — Mg

14 M, — M,;

15 foreach leaf node n € M, .leaves do

16 score « ComputeHeatScore(n.freq, n.recency);

17 if score > 0 then

18 M; «— M; U{n}; // promote high-heat
L segments

19 return (Mg M, M, 1)
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Method Scale IE MR TR KU Overall
F1 | BLEU-1 F1 | BLEU-1 F1 | BLEU-1 F1 | BLEU-1 F1 | BLEU-1
50% | 41.54 35.29 | 17.82 15.63 | 20.67 16.12 | 24.24 20.98 | 26.98 22.72
A-MEM 100% | 39.70 33.23 | 16.61 14.32 | 19.37 15.54 | 25.59 21.63 | 25.95 21.84
150% | 37.92 31.45 | 15.48 13.92 | 20.08 17.51 | 21.43 18.91 | 24.63 21.11
200% | 36.68 30.12 | 16.81 14.15 | 20.94 16.39 | 21.87 18.42 | 24.89 20.44
50% | 42.04 34.88 | 19.06 15.65 | 23.62 18.08 | 32.93 26.53 | 29.61 24.11
MemoryBanik 100% | 41.19 29.39 | 19.41 16.42 | 17.80 13.15 | 31.51 27.31 | 27.65 23.08
150% | 42.37 34.52 | 15.62 12.93 | 18.57 12.56 | 27.64 22.06 | 26.63 21.03
200% | 41.56 33.74 | 16.69 13.35 | 17.43 12.83 | 31.02 2452 | 26.85 21.32
50% | 47.61 43.47 | 26.89 25.64 | 28.60 22.79 | 40.04 36.07 | 35.86 32.07
MemGPT 100% | 45.08 37.89 | 18.61 16.71 | 21.65 14.81 | 28.09 24.85 | 29.17 24.08
150% | 42.89 36.83 | 20.45 19.12 | 22.48 22.01 | 23.37 16.46 | 28.45 25.01
200% | 43.75 36.73 | 17.77 14.95 | 25.97 20.66 | 24.79 21.94 | 29.15 24.31
50% | 45.43 37.99 | 27.03 25.14 | 28.10 20.93 | 45.74 39.95 | 35.97 30.56
MemO 100% | 39.17 39.10 | 23.02 20.72 | 28.86 21.19 | 41.28 36.37 | 32.44 29.58
150% | 36.88 31.09 | 19.59 16.91 | 27.50 20.55 | 44.32 38.84 | 30.94 26.37
200% | 40.60 34.21 | 23.37 20.70 | 29.20 21.92 | 38.76 32.78 | 32.69 27.20
50% | 34.06 32.24 | 26.01 23.83 | 28.65 29.73 | 46.31 48.06 | 32.38 31.81
Memo? 100% | 32.37 30.86 | 24.42 22.04 | 29.16 21.60 | 40.43 35.51 | 29.66 26.83
150% | 29.53 24.05 | 19.71 16.61 | 26.29 18.54 | 33.98 30.37 | 26.75 21.12
200% | 32.31 26.42 | 21.44 19.25 | 29.33 20.84 | 39.56 34.97 | 29.75 24.44
50% | 12.49 9.01 | 9.63 7.57 | 19.37 12.78 | 5.92 418 | 12,53 8.88
100% | 10.36 6.05 | 12.27 10.09 | 17.49 11.35 | 6.51 428 | 12.16 8.26
MemoChat
150% | 12.52 7.92 | 11.94 10.44 | 16.85 9.96 | 3.29 1.75 | 12.08 8.17
200% | 11.08 6.72 | 10.70 9.35 | 19.04 12.44 | 6.48 411 | 12.38 8.53
50% | 50.42 41.71 | 26.59 24.26 | 29.19 21.93 | 51.66 46.73 | 38.63 32.59
MemTree 100% | 53.30 4472 | 21.96 19.88 | 29.97 21.77 | 41.49 38.56 | 36.92 31.05
150% | 46.67 38.81 | 26.01 24.00 | 25.38 17.96 | 43.13 38.32 | 34.96 29.25
200% | 52.98 4422 | 27.04 24.71 | 25.69 18.41 | 47.34 42.72 | 37.94 31.93
50% | 51.78 43.82 | 22.53 20.77 | 23.72 17.81 | 39.09 35.26 | 34.56 29.44
Memory0S 100% | 49.91 43.15 | 19.35 17.80 | 26.34 21.61 | 30.62 27.97 | 32.50 28.31
150% | 50.32 4278 | 21.13 19.95 | 22.93 17.73 | 34.81 31.16 | 32.85 28.23
200% | 44.55 36.92 | 21.30 19.22 | 21.93 17.70 | 38.98 36.01 | 31.48 26.79
50% | 50.35 38.11 | 22.97 19.16 | 21.04 14.99 | 37.38 33.18 | 33.24 26.15
Mem0S 100% | 49.46 40.52 | 22.81 19.72 | 21.34 15.65 | 33.99 27.75 | 32.48 26.38
150% | 43.33 32.93 | 20.76 17.52 | 21.89 15.14 | 22.68 17.05 | 28.40 21.62
200% | 37.08 28.68 | 20.12 16.83 | 24.84 16.33 | 27.76 20.76 | 27.86 21.01
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Method user assistant preference MR R KU Overall

F1 | BLEU-1 | F1 | BLEU-1 | F1|BLEU-1 | FI|BLEU-1| F1|BLEU-1 | FI1|BLEU-1| FI | BLEU-1

Early Evidence Sessions
A-MEM 41.62 37.81 | 42.49 36.54 8.74 0.73 | 10.48 8.15 | 20.31 17.65 | 28.61 24.59 | 23.76 20.13
MemoryBank | 46.01 38.36 | 48.08 39.74 | 17.09 5.71 | 16.95 13.32 | 21.60 16.34 | 31.25 24.93 | 27.98 21.94
MemGPT 54.09 48.87 | 50.27 43.05 | 10.34 1.23 | 24.39 21.94 | 29.58 22.50 | 35.74 31.51 | 33.75 28.47
MemO 63.86 57.57 | 33.98 27.04 | 10.93 0.40 | 25.13 22.65 | 29.78 21.66 | 34.98 30.81 | 33.46 27.71
Mem0Y 53.95 48.70 | 19.62 14.92 9.93 0.75 | 18.31 15.90 | 27.88 20.12 | 41.37 37.03 | 29.09 23.89
MemoChat 6.44 3.24 | 16.95 12.74 7.18 0.12 | 12.27 10.09 | 17.49 11.35 6.51 4.28 | 12.16 8.26
MemTree 52.85 48.92 | 49.26 37.66 9.31 0.18 | 26.18 23.72 | 27.54 20.39 | 40.83 36.40 | 34.13 28.49
Memory0S 52.19 49.58 | 61.32 52.71 | 12.40 1.18 | 19.35 17.80 | 26.34 21.61 | 30.62 27.97 | 31.85 27.76
MemOS 60.65 50.63 | 43.00 36.78 | 11.20 0.16 | 19.85 17.02 | 22.12 16.45 | 25.37 19.02 | 29.10 23.09
Middle Evidence Sessions
A-MEM 40.23 39.12 | 43.51 37.98 6.15 0.48 9.87 7.41 | 18.92 14.71 | 29.45 25.66 | 23.13 19.65
MemoryBank | 41.89 35.15 | 52.13 4449 | 1544 5.16 | 16.35 13.43 | 25.15 19.73 | 32.12 26.78 | 28.68 23.21
MemGPT 49.83 45.29 | 48.63 41.72 | 10.56 2.07 | 24.38 22.01 | 26.77 20.33 | 35.85 31.82 | 32.25 27.36
MemO 66.46 60.15 | 34.52 28.05 | 11.29 1.01 | 24.82 21.91 | 28.07 20.26 | 42.37 36.83 | 34.53 28.59
Mem0Y 48.88 43.93 | 17.02 12.76 | 10.52 0.81 | 19.48 17.06 | 27.70 19.83 | 45.99 40.50 | 29.10 23.76
MemoChat 9.43 6.96 | 19.37 15.06 7.71 0.14 | 13.08 10.98 | 16.48 10.75 3.42 1.33 | 12.35 8.66
MemTree 60.03 54.29 | 60.82 49.21 | 10.58 0.69 | 27.39 24.75 | 26.25 19.35 | 40.60 36.58 | 36.45 30.59
Memory0S 51.27 47.13 | 63.14 52.26 | 10.90 1.07 | 20.39 18.05 | 23.80 18.45 | 35.21 32.32 | 32.15 27.27
MemOS 64.24 57.41 | 49.26 38.28 | 11.97 0.50 | 24.15 19.73 | 23.58 17.95 | 27.22 24.14 | 32.17 26.14
Late Evidence Sessions
A-MEM 50.84 47.21 | 41.27 32.45 9.68 0.82 | 12.03 9.56 | 24.63 18.72 | 28.34 27.52 | 26.49 22.11
MemoryBank | 45.57 38.11 | 50.63 43.63 | 14.64 5.14 | 15.60 12.31 | 26.21 19.54 | 27.57 21.96 | 28.35 22.43
MemGPT 54.13 49.02 | 57.29 50.27 | 10.56 1.31 | 23.01 20.69 | 29.67 23.30 | 34.57 30.91 | 34.03 29.09
MemO 64.06 58.32 | 35.17 28.08 | 10.93 0.40 | 25.71 22.07 | 30.37 22.89 | 42.04 45.81 | 35.04 30.44
Mem0Y 63.48 59.40 | 17.91 14.34 | 11.01 0.84 | 24.31 25.28 | 28.61 20.06 | 38.62 35.76 | 31.66 27.61
MemoChat 8.59 6.09 | 20.12 15.46 8.78 0.22 | 11.15 9.61 | 23.33 16.16 4.79 2.79 | 13.90 9.89
MemTree 63.59 57.77 | 58.18 47.98 9.72 0.93 | 27.45 23.73 | 29.59 21.18 | 39.71 36.07 | 37.37 31.09
Memory0S 49.13 4471 | 63.44 53.51 | 13.58 2.54 | 22.18 19.69 | 24.26 18.13 | 38.39 34.85 | 33.14 27.90
MemOS 69.88 49.34 | 51.30 38.25 | 11.86 0.18 | 23.46 15.87 | 26.25 17.80 | 31.62 22.41 | 34.40 23.65
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