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JIEREE (Training Set) : FENFADIZREY, BHEREANLFEET
| ZREREUREILEA TS HZIS 2L,

ISFEE (Validation Set) : tBIUHFFAEE ( Dev Set) , FAk(H
1EEI%EE (model selection) , BIfIEEAVERZILICIFRER,
ISAHENEA IAVERLATMgsE, BD)IIZRBSEL, Bk,

ALRER (Test Set) : AT EBEISRFRIREHIEHE.
SUES

IIZRES

=FXo: JIgE. ks, MhiisE
FEs=>: 60%, 20%, 20%: 70%, 10%, 20%
REFS): 98%, 1%, 1% (RIREHFEGE)
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Validation Set
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DatalLoader

B ;
:

PyTorchE’\Jdatanadeer “ii'@ﬂ%}
Fic/I\batch, FEi)I4

Original Data

Queue

fora data in enumerate(traln loader, 0):
g
mputs labels data

# wrap th n Variable
inputs, Iabels = Variable(inputs), Variable(labels)

# Run your training process
print(epoch, i, "inputs", inputs.data, "labels", labels.data)
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class MyDataset(Dataset):
def __init_ (self, data):
self.data = data

def _len__ (self):
return len(self.data)

def _ getitem__ (self, index):

# IR[AIZFBindex NEUEFEA

return self.datafindex]

GEN — NFEBtorch.utils.data.Datasetfy35, F1Z2EsCI len
__getitem__J3i%.
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ERESRIIGEIERM RIS IIREEIHIFER, EARSHHNEES LIRSS
HEZBEEMAHE, R/ NEERIRN,

2 P

BPEF— AR B E I IEFRTTNAVSFAE, PTLARF SRR BB IPLAFE, & FEH—
s R GEIRAI S ASRES T (FI190PCA)

3.IEM{L

IEM{k(regularization)fVFA, REFTBRFIE, BE2BDSEAIAR/N (magnitude)
, BRLANESRE RIS SERR,

4 EERFEIRE

EFI RIS MEBIERE—#C, REEERE—EEFNTHISIXEE,




SR RE—1]]

BEIXeRE R AR,
Qiﬂlﬂf EERPREE Eﬁj)\EI’J
s ' SEEXRE—EREUS
%“% . EERE R
e FERE TS
/_I_\ 0.85 4 %E/J%_\_
X IR ESF S M
Hix, mEHBm
=% 1 o i ZRELRE!




RS RILIE
e
1. NI
S AR E BRI SHEAMFZIEXRIENEN, SREFZHIUE. B
ISR ESHEAESAEHE, EEREEUEETATRER.

2 IEIMEBIS E
BERBENFIEENKRE, BINEIERENESZE o L FEERAE ERAISEE
1. BlaN, EEHHRERERRINEIRIN, AR EIEE FPIEIIMZEEEERETT

M s
O

3. MENMESRER
IENHCERRBEIEIINGRY, BEEEHMAISIISRET, WEEEFRIEtR
INENHEERZL,




L, TEN{LE TR SN
STEIRLLR) ( ) AR
G INN BEEWHIE
EEEWIE v 7550, LAY
 wHEZA, O THAER (Y
h L HTHRER \/ n EE,
1%1&52*’?5&”1,
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B EEPREEE RS RB ENHRARENEFSE:, PONGERRARIE, £E. AED3IL,. LIEN{LEERIRS.
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DropoutfThgesE{FL2IENIE, SL2IEN

DropOut

WARRRE, HNAS

I AME, dropouttbeBfiARE, EEEERE
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keep-prob=1(i&fBdropout) keep-prob=0.5(;EFHEUE, #
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Early stopping

Early stoppinglIfi m2, RizfT {x\
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ZURIBIEAYPY Torch I
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mporttorch HrhRandomResizedCrop2FEH 13

from torchvision import transforms

# TE N HHRIESRATT A Bk

transform = transforms.Compose([
transforms.RandomResizedCrop(224), # BBl EEE . =1 Eon
transforms.RandomHorizontalFlip(), # BEH1EE%E RandomHorizontal F“p/_\EBlE*)-LEEJ]Eg
transforms.ColorJitter(brightness=0.3, contrast=0.3, saturation=0.3, hue=0.3), # FEH X Z B

transforms.RandomRotation(30), # FE#/lheks 7,:,_; f
transforms.ToTensor(), # &9 TensorzE8Y

t f .N li =[0.485, 0.456, 0.406], std=[0.229, 0.224, 0.225]) # t™EH,
) ransforms.Normalize(mean=| ], std=[ 1) # TR CO'OrJltteerB WLEQ T‘J\@fj—/f

# IEREISE R RandomRotation 2 &N IEEE %,

img = Image.open('image.jpg’).convert('RGB’)

ST A e BRI/ Tensor 2880 His

img_aug = transform(img) /_1:_\&“:,

# B LS AR S Rr I A DN B SR SR INE=a (EREK °

dataset = datasets.| Folder('data’, transform=transf My N

dZt:foeader i ?osrecr?.uttri]lggdeatzca).Dzrt;L?):de:Zjnast;er, br:tr(]:ii)srir;é:%, shuffle=True) E.I-L)\'{%'L\)\J:Tj_ Ifld\\ﬂ I:I U*SH:EEIJ I:Iik
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3. SNBSS R T,

4. EIENE AT — A R DO
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2. Andrew Ng, http://www.deeplearning.ai
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